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Estimation in Stochastic Grammar—Bayesian Approach
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Abstract Recently, the statistical approach is widely used on many fields which is faced with bulk of com-
plex data. However, when the learning object has hierarchical structure, the conventional statistics cannot
apply directly because of the mathematical structure of the models. In this paper, we consider the sto-
chastic grammar which is the standard method for speech recognition and bioinformatics. The stochastic
grammar has hierarchical structure and the model is non-identifiable. We evaluate the asymptotic free en-
ergy learning with the variational Bayes. The result shows that the variational free energy was much

smaller than the identifiable models.
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