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Abstract Dai Nippon Printing Co., Ltd. (hereafter, DNP) is developing technology that automatically con-
verts unstructured data (PDF, images, etc.) held by companies and individuals into structured data. This
technology automatically analyzes the document structure and layout of unstructured data and automati-
cally converts it into more usable structured data (XML text and images), such as titles, subtitles, main
text, and illustrations and their associated captions. It can handle documents with a wide variety of layouts,
and it is also possible to handle documents in unknown categories with just a few dozen additional training
examples. By using the structured data obtained from this technology for Retrieval-Augmented Generation
(RAG) and loading it into the generative Al, it becomes possible to add specialized knowledge and exper-
tise to the generative Al effectively and efficiently, and it also becomes possible to greatly improve the
response accuracy of the generative AL

In this paper, we will introduce the background of our efforts, the mechanisms, the current performance
evaluation results, and future prospects about this technology for automatically structuring unstructured

data and Retrieval-Augmented Generation (RAG) using structured data.
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