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Abstract Since the beginning of the 2010s, big data has been attracting attention from a number of compa-
nies. Because taking advantage of big data enables your company to improve the corporate value by
differentiating corporate-itself from competitors, and by expanding sales and improving operational effi-
ciency. There are RDBMS specialized in DWH and Hadoop as infrastructures for accumulating and
processing big data, though their origins and architectures are different, it is difficult for user to under-
stand the differences because both of them can access the data by the use of SQL as an interface after the
storage of the data.

In relation to the problems above, we carried out a comparative validation on performance of data load-
ing and searching by using the RDBMS specialized in DWH and Hadoop, and discuss the scope of the SQL
on Hadoop (function to process the data in the Hadoop with SQL). Consequently we concluded that the
application of SQL on Hadoop was very useful as the interactive search tool in the Data Lake. We report

the results of verification and discussion in this paper.
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